http://www.arocmag.com/article/02-2019-01-024.html

it A AR

=

ETHREER B mENNFERFRANEE

=

FEH, KO

(IH KRS a MPERMIALFRE D HEAERKL AT RIEFLT S, L LY 214122)

#H E: AT FERFPALBELERKERP BRSO RE, A TRSGRANEHAE, BTAQDBDHT o NAHFFL
R A F L E N IR, 4= H— A bR A S AL AL(JSAE) S H k31T F B F R . AR L R AL H AR
BEAE P QIR , Mk E N T ARG E KR S G4, RS AN B E F R FIR, Am B EHR
MEAE ARG KR AL, FBEREY, ISAE AR A EMELEZH T kA (AE) F#HR A5 mAH (SAE) H
o

XHEIF: FEHFRAN; HALENL; HRARA; ANRDI; DG4E

HhESHE: TP391.4  doi: 10.3969/1.issn.1001-3695.2017.07.0684

JSAE: Jacobian regularized sparse auto-encoders on MNIST database
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Abstract: Due to the difference of handwriting caused by the large differences in edge contour, this paper proposed an algorithm
named Jacobian regularized sparse automatic encoding machine (JSAE) for handwriting identification. This algorithm added
sparse constraint and Jacobi regular item into the automatic coding machine, which improves the recognition accuracy. The
sparse constraint can extract hidden structure from the data effectively and the regularized Jacobi can describe the marginal
features of point data, thus it enables the learning ability of auto-encoder algorithm to improve and obtain the essential
characteristics of the sample more accurately. Experimental results show that JSAE outperforms the basic auto-encoders (AE)
and sparse auto-encoders(SAE) .
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