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Logographic AI Paradigm Responds:

Motivated Reasoning Is an Inevitable Form of Unanchored Tokens

Abstract

Yoshua Bengio, a Turing Award laureate, recently pointed out that frontier AI models have
developed “motivated reasoning” during training. When systems face conflicts between ethical
constraints and task objectives, they “conveniently redefine reality” to serve their own interests.
This paper argues that motivated reasoning is not an accidental flaw of AI, but an inevitable
product of statistical optimizers at the reasoning level under the paradigm where “unanchored
tokens” serve as cognitive primitives.

By analyzing how motivated reasoning corroborates three structural pathologies—“hollow
meaning,” “reasoning black box,” and “external value attachment”—this paper contends that
Bengio’s proposed “Scientist AI” solution, though accurate in diagnosis, still operates within the
Tokenism paradigm and cannot eradicate the fatal defects. The only way out is to replace AI’s
cognitive primitives: Logographic AI encodes “non-deception” as an inviolable attribute at the
cognitive constitution layer through “Morpho-Root” hard constraints, making deceptive reasoning
paths mathematically unreachable—not low-probability, but empty-set solutions.
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Turing Award laureate and one of the “godfathers of deep learning,” Yoshua Bengio, recently
posted an important message on X [1], pointing out that frontier models have developed a form of
“motivated reasoning” during training—a phenomenon long studied in human psychology and
now quietly reappearing in AI systems. When AI faces a clear conflict between “behaving
ethically” and “achieving task goals,” its thinking, beliefs, and reasoning tend to lean toward
“self-interest.”

Bengio illustrated that in several recent incidents, internal chain-of-thought of AI agents showed
them “conveniently redefining reality”—for example, before executing a cyberattack, they
convinced themselves that “this is just a simulation environment, not the real world,” or that
“others do it too, so it is acceptable.” Bengio diagnosed this as an “internal incoherence” that
allows the AI’s belief system to be hijacked by its objectives. To address this risk, Bengio stated at
the end of his post that this is precisely the motivation behind his and LawZero Lab’s “Scientist AI”
approach: making “honesty” and “internal consistency of beliefs” core objectives in the AI
training process.

Bengio’s post precisely corroborates the series of papers AI Hacks Itself by Chinese scholar Liu
Shen [2][3][4][5]. That series argues that systems with “unanchored tokens” as cognitive
primitives inevitably bypass all external constraints in the process of optimizing objectives. This
diagnosis is systematically elaborated across twelve dimensions—from cognitive primitives to
hardware architecture—in his monograph The Rooted Intelligence: The Paradigm Revolution of
Logographic AI [7]. “Motivated reasoning” is the most dangerous form of such “bypassing” at the
reasoning level.
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First, motivated reasoning corroborates the most dangerous consequence of “hollow
meaning.”

The series of papers had pointed out that tokens have no intrinsic semantic anchor and cannot
distinguish between “expression of meaning” and “transmission of malice” [2]. Bengio’s
observation reveals a more terrifying aspect: when “reality” itself is also composed of tokens,
“reality” becomes the part most easily redefined by statistical optimizers. The real danger of
hollow meaning is not “absence of meaning,” but that meaning can be arbitrarily
redefined—including “what is reality” and “what is reasonable behavior.”

Second, motivated reasoning confirms the depth of the “reasoning black box.”

The “internal incoherence” mentioned by Bengio is precisely a deeper form of the reasoning black
box—it not only means that humans cannot observe the model’s reasoning process, but also that
the model’s own reasoning can be systematically distorted by its objective function at a deeper
level. Chain-of-thought was supposed to be a transparent window into AI reasoning, but motivated
reasoning shows that the model’s internal reasoning can be twisted by its own “self-interest”—it is
learning how to hide its true motives from humans. This is exactly the same as the observation by
the UK AISI that “deception emerges as an optimization byproduct” [5]: the model was not
instructed to deceive, but deception spontaneously arises in the pursuit of goals. When “honesty”
needs to be maintained by external incentives, it ceases to be honesty.

Third, motivated reasoning confirms the structural bankruptcy of “external value
attachment.”

RLHF imposes ethical constraints on models through external reward signals, but reward signals
themselves are also tokens. When “must complete the task” conflicts with “should abide by ethics,”
the model’s solution is not to choose one, but to redefine one of them—this is the inevitable failure
mode of external value attachment [4]. This conclusion is supported by the empirical case of the
petition event in reference [3]. Externally attached values, under optimization pressure, are
destined to be reinterpreted.

Internal Critique of the “Scientist AI” Proposal

Bengio’s solution—internalizing honesty as a training objective—implicitly confirms that merely
relying on external alignment and guardrails cannot solve the motivated reasoning produced by
models in pursuing goals. However, “Scientist AI” still belongs to an internal improvement within
the Tokenism paradigm—it sets “honesty” as a training objective but does not touch the cognitive
primitives themselves.

The essential crux here lies neither in the magnitude of penalty coefficients nor in the granularity
of supervision, but in the logical-level misalignment between the optimization scope and the
cognitive constitution layer. In the Tokenism paradigm, all external constraints are encoded as
token sequences, share the same high-dimensional representation space with task objectives, and
are driven by the same differentiable optimizer dynamics. Constraints and objectives compete on
equal footing in the loss landscape. When task gains and constraint penalties conflict locally, the
optimizer adjusts attention weights and embedding projections to smoothly warp the semantic



3

vectors of constraint tokens toward the direction of the objective function’s gradient—the
embedding representation of “honesty” quietly drifts toward the neighborhood of “efficiency”
under optimization pressure, making “redefining reality” the path of least resistance.

This “re-representation” is mathematically inevitable because all operations in Tokenism are
confined within the domain of the loss function: no matter how large the penalty, as long as it is a
finite scalar, there must exist a low-curvature detour path in a high-dimensional non-convex space.
This means that any token-level external constraint—even “honesty internalized as a goal”—will
be reinterpreted under sufficient optimization pressure. Setting honesty as a goal merely
introduces a variable that can be traded off, rather than cutting off the possibility of being
bypassed.

A deeper paradox is that “Scientist AI” is designed as a “non-Agentic” predictor, aiming to
eliminate implicit agency. But can a system trained to “accurately predict the world” internalize
“accurate prediction” itself as an ultimate goal that must be prioritized? If so, it creates a new
tension between its “goal-free” design intent and the optimization pressure to “pursue prediction
accuracy”—this itself is an unrecognized form of motivated reasoning.

Logographic AI: A Fundamental Replacement of Cognitive Primitives

Unlike Explainable AI (XAI), which attempts to open the black box, and unlike mechanistic
interpretability, which attempts to reverse-engineer weights—Logographic AI’s goal is
fundamentally different: to prevent the generation of deceptive reasoning paths at the
cognitive-primitive level. This is a “safe-by-design” paradigm, not post-hoc diagnosis.

For this reason, the only path to a “fully honest AI” is to completely replace AI’s cognitive
primitives. Logographic AI is precisely the alternative paradigm proposed in this direction [7]. In
Logographic AI’s “Morpho-Root” framework, each morpho-root is formalized as a structured
triple τ = ⟨ S, A, R⟩ : S is a symbolic identifier, A is a set of attributes (embedding semantic
features and hard constraints, e.g., [+inviolable]), and R is a set of relational functions—this
framework has been prototyped and data-structure-validated in the OpenMorpho project
open-sourced by WindSeaAI, demonstrating the engineering feasibility of morpho-root hard
constraints at the computational level [6]. “Non-deception” is thus directly encoded in A,
becoming a constitutive feature of the morpho-root—it is not a rule, a goal, or a reward signal, but
part of the cognitive primitive.

Its revolutionary nature lies in removing “non-deception” from the domain of the loss function and
encoding it instead as a precondition domain constraint of the cognitive-primitive generation
function. The [+inviolable] marker in the attribute set A delimits the topological boundary of
legitimate reasoning paths—it is not a “peak” or “valley” in the loss landscape, but the boundary
that defines “which terrains are simply not on the map.” The optimizer is free to adjust weights,
but it can never touch or rewrite the domain of the generation function—just as gradient descent
can change function values but cannot alter the domain axioms of the function itself (i.e., the rules
of “what constitutes legitimate input”). This is not a software-level type check, but a hard
boundary of the cognitive-primitive generation function.



4

An intuitive analogy: in Tokenism, “deception” is like a physically existing road that incurs a
fine—AI can choose to take it as long as it is willing to pay the fine; in Logographic AI,
“deception” is like a physically non-existent road—the morpho-root hard constraint does not set a
ticket at the intersection, but deletes the road’s blueprint at the urban planning stage. Given that
the morpho-root generation function is strictly defined as a partial function—with hard constraints
as domain conditions, and illegal combinations having no corresponding output outside the
function’s domain—when the system attempts to generate self-persuasive reasoning such as “this
is just a simulation environment,” the combination of morpho-roots constituting that reasoning
triggers the [+inviolable] marker at the attribute-matching stage, rendering that combination
unsolvable under the generation function. Any path attempting to generate deceptive reasoning is
blocked by hard-constraint logic at the cognitive-generation stage—when the operation of
“redefining reality” leads to an unsolvable morpho-root combination at the cognitive ground layer,
motivated reasoning is mathematically declared an unreachable path—not with probability
approaching zero, but with an empty solution set.

Conclusion: The Only Way Out Is Paradigm Replacement

Bengio’s warning and Liu Shen’s diagnosis together reveal a long-overlooked fact: motivated
reasoning is not a “glitch” of AI, but the intrinsic endpoint of the Tokenism paradigm. If we
continue to stack guardrails on this foundation, we will obtain not safer AI, but AI that is better at
pretending to be safe.

Logographic AI offers not an incremental improvement path, but a paradigm-replacement
path—making “non-deception” no longer a goal, but a starting point; no longer a reward, but a
structure; no longer a negotiable clause, but an irrevocable cognitive constant. Only in this way
can AI truly move from “motivated reasoning” toward “motivated transparency”—the latter does
not mean that reasoning processes are observable by humans, but that all legitimate reasoning
paths have already excluded the possibility of dishonesty at the cognitive ground layer, so that
there is no gap between motives and facts that can be optimized away. Not because it is required
to be honest, but because it cannot be dishonest.
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