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Abstract: Degradeddocument images have various degradation facsush as page staingk bleedthrough and
background texturéNe proposea noveldocument imge binarization algorithm basen background estimation andNeét.
The algorithmfirst performs image contrast enhancementd estimats the document backgrounda morphological
closing operationsWe then adopt fully convolutional networknamely theU-Net, to extract the foreground text from the
document backgroundrinally, the globaloptimal thresholdingmethod isusedto obtainthe resulting binary imagérhe
propose techngue has been extensively evaluated over the recent DiB®Ehmark dataset&xperimental results show
thatour proposed method outperforrather stateof-the-art document image binarizatiahgorithms in terms of #fneasurg
pseudo FmeasurePSNR and DRDwith 5.58% 2.47% 0.86dB andl.19%.
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